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Fig.1 The topology of a neural network
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Fig.2 The control structure of a genetic neural network
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Fig.3 The real coding of a neural network
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Fig.4 The bifurcation of logistic map with the change of r
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STUDY ON CHAOS CONTROL WITH ONE IMPROVED
GENETIC NEURAL NETWORK”

Chen Lingli

Tan Ning Li Honggang Liang Ou

(The School of Aerospace ,Xi’ an jiao tong University ,Xi’ an 710049, China)

The author constructed the fitness functions of genetic algorithms with the maximum Lyapunov expo-

nent, and optimized the weights of a neural network with the genetic algorithm. According to the fitness functions

and the weights,a genetic algorithm neural network controller was designed , which improved the efficiency of neu-

ral network control. Numerical simulations were performed for the discrete system as Logistic mapping , continuous

system as Rossler equations,and the chaotic transition of the AFM microcantilever. The results of numerical exper-

iments indicated that the improved genetic neural network control method can control discrete and continuous cha-

os systems to the expected period orbit,and prove the reliability of the algorithm.
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