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CHAOTIC TIME SERIES ANALYSIS BASED ON
SUPPORT VECTOR MACHINE "

Zhao Zhihong' Yang Shaopu’

(1. Computer and information engineering department ,Shijiazhuang Railway Institute ,Shijiazhuang 050043 ,china)

(2. Shijiazhuang Railway Institute , Shijiazhuang 050043 ,china)

Abstract Support vector machine ( SVM) is a kind of novel machine learning methods based on statistical
learning theory, which has been developed to slove pattern classification problems. This paper applied support vec-
tor machine to chaotic time series analysis. The experimental data was Mackey — Glass chaotic time series. First,
the support vector regression method was used on the chaotic time series regression prolbem. Then, Local — Region
Multi — steps Forecasting Model was used with supprot vector machine to predict the chaotic time sereis. Simula-

tion results show that SVM could predict the trend of chaotic time series correctly.
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